. Individuals within a class will have a similar pattern of responses 172 to a series of categorical variables. Parameters for the latent class models were 173 estimated using maximum likelihood techniques (Nylund et al., 2007) . All models were 174 inspected for replication of the log likelihood value to increase confidence that the best 175 fitting solution was found (Nylund et al., 2007) . 176 Decisions on optimal number of latent classes for the two separate LCA analyses were 177 informed by using the following goodness of fit statistics: Akaike's Information Criteria 178 (AIC) (Akaike, 1987) , Bayesian Information Criteria (BIC) (Gideon, 1978) , sample-size 179 adjusted Bayesian Information Criteria (SABIC) (Sclove, 1987) , entropy (Ramaswamy 180 et al., 1993) , the number of bivariate residuals (BVR) (Maydeu-Olivares and Joe, 181 2006) and the Lo-Mendell-Rubin likelihood ratio test (LMR-LRT) (Lo et al., 2001) . 182 Lower values for AIC, BIC and SABIC all indicate a better fit in LCA models. Entropy 183 is a measure of the classification accuracy for an individual participant and higher 184 entropy reflects better classification (Ramaswamy et al., 1993) . The number of BVR 185 can be used to assess model fit with greater than 4 bivariate residuals suggestive of 186 poor fit (Maydeu-Olivares and Joe, 2006 After the identification of the classes, persons were assigned to their most likely class 201 based on model probabilities (Collins and Lanza, 2013) . Further analyses were then 202 conducted in STATA 11 (Statacorp, 2009) The classes for models 1 and 2 are briefly summarised in 
Health outcomes by individual indicators and latent class models
271 Table 3 shows the prevalence of CMD by both individual indicators (entered were also associated with CMD. Notably, both debt and benefit receipt were 280 associated with approximately four times the odds of CMD. In terms of tenure, living 281 in social housing was associated with CMD compared to those who owned or 282 mortgaged their homes. There were no associations between either ethnicity or 283 migration status with CMD.
284
In model 1 (SES only), the adjusted analyses indicated that the 'Economically inactive, 285 renters' (class 5) had almost five times the odds of reporting CMD in comparison to 286 the 'Professional, homeowners' (class 1). The 'Skilled, renters' (class 3) and 'Student, renters' (class 4) also had increased odds of CMD. The 'Economically inactive, 288 homeowners' (class 6) did not have an increased risk of CMD. This is the first study to examine the intersections of SES, ethnicity and migration 395 status together using LCA, which additionally examines associations with CMD.
396
Findings restricted to multiple indicators of SES identified two economically inactive 397 classes, only one of which had increased odds of CMD (those who were also renters 398 with low education). This approach was more informative than relying on social Full descriptions of classes for both models are provided in Supplementary Tables 1 and 2 homeowners; renters; renters; renters; renters; home owners. 3 Model 2 classes; homeowners, White British; renters, White British; mixed tenure, mixed ethnicity; renters, mixed ethnicity; homeowners, mixed migration status, mixed ethnicity; renters, migrant, mixed ethnicity; renters, migrant, mixed ethnicity Supplementary migrant, mixed ethnicity; renters, mixed ethnicity; homeowners, mixed migration status, mixed ethnicity; renters, migrant, mixed ethnicity; renters, migrant, mixed ethnicity Supplementary Table 3 Overlap 
